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ADVERTISING AND MEDIA RESEARCH 


Valenced Comparisons, SHAILENDRA PRATAP JAIN and STEVEN S. 
POSAVAC, February 2004, 46-58. 
See “Consumer Behavior” 


ATTITUDE THEORY RESEARCH 


The Effect of Conceptual and Perceptual Fluency on Brand Evaluation, 
ANGELA Y. LEE and APARNA A. LABROO, May 2004, 151-65. 
See “Brand Evaluation and Choice” 


The Timing of Repeat Purchases of Consumer Durable Goods: The Role of 
Functional Bases of Consumer Attitudes, RAJDEEP GREWAL, RAJ 
MEHTA, and FRANK R. KARDES, February 2004, 101-115. 

In an attempt to bring consumer psychology theories into research on 
the timing of repurchase of consumer durables, the authors suggest that 
attitude functions (knowledge, value expressive, social adjustive, and 
utilitarian) can help explain and predict interpurchase intervals. Adopting 


an interactionist perspective, the authors propose that the effect of the 
attitude functions is contingent on contextual factors, which they theo- 
rize as the nature of the product (along public-private and luxury— 
necessity dimensions) and the nature of the decision (forced or unforced 
purchase decision). Hypothesis testing is facilitated by survey data on 
actual purchase decisions and hazard models that incorporate individual 
heterogeneity. The results support the suggested role of attitude functions 
in explaining and predicting interpurchase intervals and suggest means 
by which managers can position their products to shorten interpurchase 
intervals. 


BAYESIAN ANALYSIS 
Modeling Purchase Behavior at an E-Commerce Web Site: A Task- 
Completion Approach, CATARINA SISMEIRO and RANDOLPH E. 


BUCKLIN, August 2004, 306-323. 
See “Electronic Commerce” 


BAYESIAN INFERENCE 


Model of Brand Choice with a No-Purchase Option Calibrated to Scanner- 


Panel Data, SIDDHARTHA CHIB, P.B. SEETHARAMAN, and 
ANDREI STRIJNEV, May 2004, 184-96. 
See “Brand Evaluation and Choice” 


BRAND EVALUATION AND CHOICE 


The Augmented Latent Class Model: Incorporating Additional Heterogene- 


ity in the Latent Class Model for Panel Data, SAJEEV VARKI and 
PRADEEP K. CHINTAGUNTA, May 2004, 226-33. 

Marketing researchers have actively sought to account for the hetero- 
geneity in households’ preferences and responses to marketing-mix ele- 
ments (e.g., price, promotion) when analyzing scanner-panel data. This 
is because not doing so biases response coefficient estimates that can 
potentially alter the conclusions drawn from such analyses. In this arti- 
cle, the authors present an extension to the latent class model (LCM) that 
accounts for additional heterogeneity by allowing households’ prefer- 
ences to be a continuous mixture of segment-level preferences. The 
authors show how their model generalizes the LCM by the mere addition 
of S + 1 parameters, where S refers to the number of segments. Because 
a limitation of the traditional LCM is that it does not adequately account 
for heterogeneity in responses across households, the authors’ model 
mitigates this criticism leveled at the LCM. They then compare their 
model with the traditional LCM and the equivalent continuous mixture 
(random-effects) models in terms of model selection criteria and predic- 
tive ability. The results indicate that the authors’ model outperforms both 
the LCM and the equivalent random-effects (logit) model on these 
criteria. 


Brands as Beacons: A New Source of Loyalty to Multiproduct Firms, 
BHARAT N. ANAND and RON SHACHAR, May 2004, 135-50. 

This study provides evidence that a multiproduct firm’s portfolio of 
products affects consumer purchase decisions about each of the firm’s 
products. The authors present a theory that explains this empirical regu- 
larity. The theory involves revising the information set of consumers to 
include the profile of multiproduct firms. The authors show that revision 
of the information set in this way introduces a new source of consumer 
loyalty and explains interesting empirical regularities in consumer 
behavior. For example, consumers are loyal to a multiproduct firm even 
when it does not offer a product that matches their preferences better 
than a product of competing firms. The authors estimate the model and 
test its implications using panel data on television viewing choices. The 
estimated model also allows for state-dependence parameters and unob- 


Journal of Marketing Research 
Vol. XLI (November 2004), 491-500 





492 JOURNAL OF MARKETING RESEARCH, NOVEMBER 2004 


served heterogeneity. The empirical results support the model and its 
implications. The model offers a parsimonious framework for brand- 
extension strategies and maps new channels of spillovers in a multi- 
product firm. 


The Effect of Conceptual and Perceptual Fluency on Brand Evaluation, 
ANGELA Y. LEE and APARNA A. LABROO, May 2004, 151-65. 
According to the processing fluency model, advertising exposures 
enhance the ease with which consumers recognize and process a brand. 
In turn, this increased perceptual fluency leads to consumers having 
more favorable attitudes toward the brand. The authors extend the pro- 
cessing fluency model to examine the effect of conceptual fluency on 
attitudes. In three experiments, the authors show that when a target 
comes to mind more readily and becomes conceptually fluent, as when it 
is presented in a predictive context (e.g., a bottle of beer featured in an 
advertisement that shows a man entering a bar) or when it is primed by 
a related construct (e.g., an image of ketchup following an advertisement 
of mayonnaise), participants develop more favorable attitudes toward the 
target. It is believed that positive valence of fluent processing underlies 
these processing-fluency effects. When conceptual fluency is associated 
with negative valence (e.g., hair conditioner primed by a lice-killing 
shampoo), the authors observe less favorable attitudes. 


A Learning-Based Model for Imputing Missing Levels in Partial Conjoint 
Profiles, ERIC T. BRADLOW, YE HU, and TECK-HUA HO, November 
2004, 369-81. 

See “Statistical Methods” 


Model of Brand Choice with a No-Purchase Option Calibrated to Scanner- 
Panel Data, SIDDHARTHA CHIB, P.B. SEETHARAMAN, and 
ANDREI STRIJNEV, May 2004, 184-96. 

In usual practice, researchers specify and estimate brand-choice mod- 
els from purchase data, ignoring observations in which category inci- 
dence does not occur (i.e., no-purchase observations). This practice can 
be problematic if there are unobservable factors that affect the no- 
purchase and the brand-choice decisions. When such a correlation exists, 
it is important to model simultaneously the no-purchase and the brand- 
choice decisions. The authors propose a model suitable for scanner-panel 
data in which the no-purchase decision depends on the price, feature, and 
display of each brand in the category and on household stock of inven- 
tory. They link the no-purchase model to the brand-choice outcome 
through marketing-mix covariates and through unobservables that affect 
both outcomes. The authors assume that model parameters are heteroge- 
neous across households and allow for a flexible correlation structure 
between the coefficients in the no-purchase model and those in the 
brand-choice model. The model formulation is more general than what is 
possible from either a nested logit model or a translog utility model and 
from models in which the no-purchase outcome is an additional owtcome 
with the deterministic component of its utility set equal to zero. The 
authors estimate the proposed model using Bayesian Markov chain 
Monte Carlo estimation methods. They then apply the estimation meth- 
ods to scanner-panel data on the cola product category and compare the 
results with those from the widely used nested logit model. 


Modeling Behavioral Regularities of Consumer Learning in Conjoint 
Analysis, ERIC T. BRADLOW, YE HU, and TECK-HUA HO, Novem- 
ber 2004, 392-96. 

See “Statistical Methods” 


Performance of Store Brands: A Cross-Country Analysis of Consumer 
Store-Brand Preferences, Perceptions, and Risk, TULIN ERDEM, YING 
ZHAO, and ANA VALENZUELA, February 2004, 86-100. 

See “Brand Management” 


The Recoverability of Segmentation Structure from Store-Level Aggregate 
Data, ANAND V. BODAPATI and SACHIN GUPTA, August 2004, 351- 
64. 

See “Segmentation Research” 


When Absence Begets Inference in Conjoint Analysis, JOSEPH W. ALBA 
and ALAN D.J. COOKE, November 2004, 382-87. 


When Corporate Image Affects Product Evaluations: The Moderating Role 
of Perceived Risk, ZEYNEP GURHAN-CANLI and RAJEEV BATRA, 
May 2004, 197-205. 

See “Brand Management” 


BRAND MANAGEMENT 


Analyzing Brand Competition Across Subcategories, MICHEL WEDEL 
and JIE ZHANG, November 2004, 448-56. 

The authors develop a Sales model that can be used to assess cross- 
category price effects that are specific to individual items (stockkeeping 
units) from store-level sales data. Previous cross-category studies have 
typically assumed that the cross-category effects are the same across 
brands or items because the potential number of price effects to be esti- 
mated is large. The authors address this problem by decomposing the 
variability of cross-category price effects into two components: variabil- 
ity across items and across stores. They capture the variability across 
items by representing the item-level parameters as draws from distribu- 
tions with category-level means. They account for variability across 
stores through a random-effects factor structure that represents the vari- 
ation of within- and between-category price effects separately. The 
model is calibrated on weekly store sales data of items in three orange 
juice subcategories (refrigerated, frozen, and shelf-stable). The authors 
study competition between national brands and private labels across the 
subcategories, for which their model lends itself well. The results show 
asymmetrical price competition not only within but also across subcate- 
gories: the cross-subcategory impact of national brands on store brands 
appears to be substantially greater than that of store brands on national 
brands. In addition, the model supports the implementation of price 
zones at a more granular level than the current practice. 


Longitudinal Shifts in the Drivers of Satisfaction with Product Quality: The 


Role of Attribute Resolvability, REBECCA J. SLOTEGRAAF and J. 
JEFFREY INMAN, August 2004, 269-80. 
See “Satisfaction” 


Performance of Store Brands: A Cross-Country Analysis of Consumer 
Store-Brand Preferences, Perceptions, and Risk, TULIN ERDEM, YING 
ZHAO, and ANA VALENZUELA, February 2004, 86-100. 

This article empirically studies consumer choice behavior with respect 
to store brands in the United States, the United Kingdom, and Spain. 
Store-brand market shares differ by country and are usually much higher 
in Europe than in the United States. The authors study the notion that the 
differential success of store brands in the United States and Europe is the 
higher brand equity that store brands command in Europe than in the 
United States. They use a framework based on consumer brand choice 
under uncertainty and brands as signals of product positions to conduct 
their analysis. More specifically, they examine whether uncertainty about 
quality (or the positioning of the brand in the product space); perceived 
quality of store brands versus national brands; consistency in store-brand 
offerings over time; and consumer attitudes toward risk, quality, and 
price underlie the differential success of store brands at least partially in 
the United States and Europe. The authors’ model is estimated on 
scanner-panel data on laundry detergent in the U.S., U.K., and Spanish 
markets and on toilet paper and margarine data in the U.S. and Spanish 
markets. The authors find that consumer learning and perceived risk (and 
associated brand equity), as well as consumer attitude toward risk, qual- 
ity, and price, play an important role in consumers’ store-brand and 
national-brand choices and contribute to the differences in relative suc- 
cess of store brands across the countries studied. 


When Corporate Image Affects Product Evaluations: The Moderating Role 
of Perceived Risk, ZEYNEP GURHAN-CANLI and RAJEEV BATRA, 
May 2004, 197-205. 

In two experiments, the authors show that corporate image associa- 
tions with innovation and trustworthiness (but not social responsibility) 
influence product evaluations more when consumers perceive high (ver- 
sus low) risk in the product purchase. Their findings extend previous 
research by identifying perceived risk as a moderator of the effects of 
corporate image on product evaluations. The authors discuss implica- 
tions for the conditions governing the “flow-through” of corporate image 
to individual product evaluations. 


BUSINESS-TO-BUSINESS MARKETING 


Linking Customer Management Effort to Customer Profitability in Busi- 
ness Markets, DOUGLAS BOWMAN and DAS NARAYANDAS, 
November 2004, 433-47. 

See “Customer Relationship Management” 
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Toward Extending the Compromise Effect to Complex Buying Contexts, 
RAVI DHAR, ANIL MENON, and BRYAN MAACH, August 2004, 
258-61. 

See “Consumer Behavior” 


Vertical Marketing Systems for Complex Products: A Triadic Perspective, 

STEFAN WUYTS, STEFAN STREMERSCH, CHRISTOPHE VAN 

DEN BULTE, and PHILIP HANS FRANSES, November 2004, 479-87. 
See “Channels of Distribution” 


CHANNELS OF DISTRIBUTION 


Vertical Marketing Systems for Complex Products: A Triadic Perspective, 
STEFAN WUYTS, STEFAN STREMERSCH, CHRISTOPHE VAN 
DEN BULTE, and PHILIP HANS FRANSES, November 2004, 479-87. 

Products that require extensive and complex information flows among 
suppliers, intermediary vendors, and customers often pose particular 
challenges to the vertical marketing system. Using social network theory, 
the authors investigate buyers’ preferences for specific patterns of rela- 
tionships among buyers, intermediary vendors, and suppliers of complex 
products. Using a conjoint experiment with actual and prospective buy- 
ers of integrated computer networks and services, the authors find that 
beyond their dyadic interaction with a vendor, buyers take into account 
the buyer—vendor—supplier triad. Specifically, buyers value sequences of 
selective strong ties as well as sequences of more numerous weak ties. 
This is consistent with theoretical propositions that strong ties facilitate 
the mobilization of support and the transfer of complex knowledge, 
whereas nonoverlapping weak ties facilitate the gathering of intelligence 
and the monitoring of new developments. The authors find only mixed 
evidence that buyers value direct access to suppliers when strong ties 
exist between the vendor and suppliers, as predicted by the third-party 
sanctioning argument in social network theory. In addition, they find that 
interaction intensity and valence do not always have the same effects, 
thus providing criterion validation to the bidimensional nature of tie 
strength that has been documented in previous research. 


CHOICE MODELS 


Alternative Models for Capturing the Compromise Effect, RAN KIVETZ, 
ODED NETZER, and V. SRINIVASAN, August 2004, 237-57. 
See “Decision Research” 


Extending Compromise Effect Models to Complex Buying Situations and 
Other Context Effects, RAN KIVETZ, ODED NETZER, and V. SRINI- 
VASAN, August 2004, 262-68. 

See “Decision Research” 


CONSUMER BEHAVIOR 


Determinants of Product-Use Compliance Behavior, DOUGLAS BOW- 
MAN, CARRIE M. HEILMAN, and P.B. SEETHARAMAN, August 
2004, 324-38. 

See “Market Analysis and Response” 


Incidental Prices and Their Effect on Willingness to Pay, JOSEPH C. 
NUNES and PETER BOATWRIGHT, November 2004, 457-66. 
See “Pricing” 


A Learning-Based Model for Imputing Missing Levels in Partial Conjoint 
Profiles, ERIC T. BRADLOW, YE HU, and TECK-HUA HO, November 
2004, 369-81. 

See “Statistical Methods” 


Longitudinal Shifts in the Drivers of Satisfaction with Product Quality: The 
Role of Attribute Resolvability, REBECCA J. SLOTEGRAAF and J. 
JEFFREY INMAN, August 2004, 269-80. 

See “Satisfaction” 


Modeling Behavioral Regularities of Consumer Learning in Conjoint 
Analysis, ERIC T. BRADLOW, YE HU, and TECK-HUA HO, Novem- 
ber 2004, 392-96. 

See “Statistical Methods” 


Performance of Store Brands: A Cross-Country Analysis of Consumer 
Store-Brand Preferences, Perceptions, and Risk, TULIN ERDEM, YING 
ZHAO, and ANA VALENZUELA, February 2004, 86-100. 

See “Brand Management” 
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Sticky Priors: The Perseverance of Identity Effects on Judgment, LISA E. 
BOLTON and AMERICUS REED II, November 2004, 397-410. 
See “Social Identity” 


The Timing of Repeat Purchases of Consumer Durable Goods: The Role of 
Functional Bases of Consumer Attitudes, RAJDEEP GREWAL, RAJ 
MEHTA, and FRANK R. KARDES, February 2004, 101-115. 

See “Attitude Theory Research” 


To Buy or Not to Buy: Response Mode Effects on Consumer Choice, RAVI 
DHAR and STEPHEN M. NOWLIS, November 2004, 423-32. 
See “Decision Research” 


Toward Extending the Compromise Effect to Complex Buying Contexts, 
RAVI DHAR, ANIL MENON, and BRYAN MAACH, August 2004, 
258-61. 

Kivetz, Netzer, and Srinivasan (2004) make an important contribution 
to the theory of choice models by demonstrating through a rigorous 
analysis of four alternative models that the compromise effect systemat- 
ically affects choice in a wide range of conditions. The value and impact 
of their work can be enhanced by extensions that examine key underly- 
ing institutional variables that may shape the nature and scope of com- 
promise effects. The authors provide a set of issues that further research 
can effectively pursue in the context of institutional buying processes and 
the purchase of complex solutions rather than individual products. 


Using Combined-Currency Prices to Lower Consumers’ Perceived Cost, 
XAVIER DREZE and JOSEPH C. NUNES, February 2004, 59-72. 
See “Pricing” 


Valenced Comparisons, SHAILENDRA PRATAP JAIN and STEVEN S. 
POSAVAC, February 2004, 46-58. 

In this article, the authors show empirically that comparative adver- 
tisements can vary in terms of their valence, that is, whether respondents 
perceive them as positive (less derogatory) or negative (more derogatory) 
in their references to competition. In addition, the authors report findings 
from three studies that demonstrate that advertisements perceived as car- 
rying more negative/derogatory references to competition result in more 
counterarguments, fewer support arguments, lower believability, more 
associated perceived bias, and lower brand attitude scores than do adver- 
tisements perceived as more positive/nonderogatory in their competitive 
references. Tests of mediation suggest that the effectiveness of valenced 
comparisons is mediated by advertiser attributions that are more negative 
for negative comparisons. The authors discuss implications for designing 
more effective comparative advertisements. 


Valuing Customers, SUNIL GUPTA, DONALD R. LEHMANN, and JEN- 
NIFER AMES STUART, February 2004, 7-18. 
See “Customer Lifetime Value” 


Waiting for the Web: How Screen Color Affects Time Perception, GER- 
ALD J. GORN, AMITAVA CHATTOPADHYAY, JAIDEEP SEN- 
GUPTA, and SHASHANK TRIPATHI, May 2004, 215-25. 

See “Internet Behavior” 


COUPONS 


Coordinating Price Reductions and Coupon Events, ERIC T. ANDERSON 
and INSEONG SONG, November 2004, 411-22. 
See “Pricing” 


CUSTOMER LIFETIME VALUE 


Valuing Customers, SUNIL GUPTA, DONALD R. LEHMANN, and JEN- 
NIFER AMES STUART, February 2004, 7-18. 

It is increasingly apparent that the financial value of a firm depends on 
off-balance-sheet intangible assets. In this article, the authors focus on 
the most critical aspect of a firm: its customers. Specifically, they demon- 
strate how valuing customers makes it feasible to value firms, including 
high-growth firms with negative earnings. The authors define the value 
of a customer as the expected sum of discounted future earnings. They 
demonstrate their valuation method by using publicly available data for 
five firms. They find that a 1% improvement in retention, margin, or 
acquisition cost improves firm value by 5%, 1%, and .1%, respectively. 
They also find that a 1% improvement in retention has almost five times 
greater impact on firm value than a 1% change in discount rate or cost of 
capital. The results show that the linking of marketing concepts to share- 
holder value is both possible and insightful. 
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CUSTOMER RELATIONSHIP MANAGEMENT 


The Customer Relationship Management Process: Its Measurement and 
Impact on Performance, WERNER REINARTZ, MANFRED KRAFFT, 
and WAYNE D. HOYER, August 2004, 293-305. 

An understanding of how to manage relationships with customers 
effectively has become an important topic for both academicians and 
practitioners in recent years. However, the existing academic literature 
and the practical applications of customer relationship management 
(CRM) strategies do not provide a clear indication of what specifically 
constitutes CRM processes. In this study, the authors (1) conceptualize a 
construct of the CRM process and its dimensions, (2) operationalize and 
validate the construct, and (3) empirically investigate the organizational 
performance consequences of implementing CRM processes. Their 
research questions are addressed in two cross-sectional studies across 
four different industries and three countries. The first key outcome is a 
theoretically sound CRM process measure that outlines three key stages: 
initiation, maintenance, and termination. The second key result is that the 
implementation of CRM processes has a moderately positive association 
with both perceptual and objective company performance. 


The Influence of Loyalty Programs and Short-Term Promotions on Cus- 
tomer Retention, MICHAEL LEWIS, August 2004, 281-92. 
See “Promotion” 


Linking Customer Management Effort to Customer Profitability in Busi- 
ness Markets, DOUGLAS BOWMAN and DAS NARAYANDAS, 
November 2004, 433-47. 

Chain-link frameworks such as the service—profit chain (SPC) are 
much discussed as a means to link customer profits to operational 
resources under the influence of vendor managers, though empirical test- 
ing to date has been limited primarily to consumer services settings. In 
this article, the authors adapt the SPC framework to accommodate char- 
acteristics of business markets, specifically the complex decision-making 
unit, strategic supplier selection, and resource allocation at the individual 
customer level. They also extend the SPC framework to allow for a richer 
description of the complex linkages between vendor effort and account 
profitability, namely, nonlinear linkages and differential responsiveness 
occasioned by customer-specific factors such as competitive context. 
Controlling for such factors illuminates, to some degree, why similar lev- 
els of customer management effort and/or performance can yield quite 
different customer profitability outcomes. The authors present an appli- 
cation that demonstrates how adaptation and extension of the SPC to 
business markets can provide vendors with (1) insights into the process 
that culminates in individual customer profitability and (2) useful guide- 
lines for adapting their customer management efforts at the individual 
account level with an aim to improve account profitability. The results 
show the importance of accounting for decreasing returns to customer 
management effort at a given account, and they reinforce the notion of 
customer delight. 


Recapturing Lost Customers, JACQUELYN S. THOMAS, ROBERT C. 
BLATTBERG, and EDWARD J. FOX, February 2004, 31-45. 

For both academics and practitioners, the dominant focus of customer 
relationship management has been customer retention. The authors assert 
that customer winback should also be an important part of a customer 
relationship management strategy. Customer winback focuses on the 
reinitiation and management of relationships with customers who have 
lapsed or defected from a firm. In some cases, firms engage in extensive 
efforts to reacquire lapsed customers or defectors, and a common tactic 
is lowering the price to reacquire a customer. This investigation goes 
beyond the reacquisition pricing strategy and also examines the optimal 
pricing strategy when the customer has decided to reinitiate the relation- 
ship. By simultaneously modeling reacquisition and duration of the sec- 
ond tenure with the firm, the authors determine that the optimal pricing 
strategy for their application involves a low reacquisition price and 
higher prices when customers have been reacquired. In addition to pric- 
ing strategy, they also discuss the implications of their findings for tar- 
geting lapsed customers for reacquisition. 


CUSTOMER SERVICE 


Linking Customer Management Effort to Customer Profitability in Busi- 
ness Markets, DOUGLAS BOWMAN and DAS NARAYANDAS, 
November 2004, 433-47. 

See “Customer Relationship Management” 


DECISION RESEARCH 


Alternative Models for Capturing the Compromise Effect, RAN KIVETZ, 


ODED NETZER, and V. SRINIVASAN, August 2004, 237-57. 

The compromise effect denotes the finding that brands gain share 
when they become the intermediate rather than extreme option in a 
choice set. Despite the robustness and importance of this phenomenon, 
choice modelers have neglected to incorporate the compromise effect in 
formal choice models and to test whether such models outperform the 
standard value maximization model. In this article, the authors suggest 
four context-dependent choice models that can conceptually capture the 
compromise effect. Although the models are motivated by theory from 
economics and behavioral decision research, they differ with respect to 
the particular mechanism that underlies the compromise effect (e.g., con- 
textual concavity versus loss aversion). Using two empirical applica- 
tions, the authors (1) contrast the alternative models and show that incor- 
porating the compromise effect by modeling the local choice context 
leads to superior predictions and fit compared with the traditional value 
maximization model and a stronger (naive) model that adjusts for possi- 
ble biases in utility measurement, (2) generalize the compromise effect 
by demonstrating that it systematically affects choice in larger sets of 
products and attributes than has been previously shown, (3) show the the- 
oretical and empirical equivalence of loss aversion and local (contextual) 
concavity, and (4) demonstrate the superiority of models that use a sin- 
gle reference point over “tournament models” in which each option 
serves as a reference point. They discuss the theoretical and practical 
implications of this research as well as the ability of the proposed mod- 
els to predict other behavioral context effects. 


Extending Compromise Effect Models to Complex Buying Situations and 


Other Context Effects, RAN KIVETZ, ODED NETZER, and V. SRINI- 
VASAN, August 2004, 262-68. 

Building on the work of Dhar, Menon, and Maach (2004), this com- 
mentary describes how the compromise effect models developed in the 
work of Kivetz, Netzer, and Srinivasan (2004) can be extended to predict 
complex (business-to-business) purchase decisions and additional behav- 
ioral context effects. The authors clarify their general modeling approach 
and outline how it applies to choices among solutions (augmented prod- 
ucts) and group decision making. They then hypothesize about the influ- 
ence of business-to-business and technology markets on various context 
effects (e.g., compromise and asymmetric dominance). They show how 
the models incorporate various context effects and discuss ideas for fur- 
ther research. 


To Buy or Not to Buy: Response Mode Effects on Consumer Choice, RAVI 


DHAR and STEPHEN M. NOWLIS, November 2004, 423-32. 

This article extends research on evaluation differences in response 
modes to situations in which the no-choice option is available. Prior 
research on choice deferral has presented the no-choice option as just 
another response option (i.e., an unconditional brand-choice response 
mode), which has its primary focus on the selection decision. However, 
consumers in many marketplace situations may consider the buy/no-buy 
decision before the selection decision (i.e., a buy/no-buy response 
mode). This article examines the differences in evaluation processes and 
choice deferral for the two response modes. The authors’ theoretical 
account suggests that an initial focus on the buy/no-buy decision acti- 
vates greater use of alternative-based evaluations, thus making purchase 
deferral more sensitive to the valence of shared features and category ref- 
erence information than in the unconditional brand-choice mode. The 
authors provide process evidence for their account and consider limiting 
conditions. 


Toward Extending the Compromise Effect to Complex Buying Contexts, 


RAVI DHAR, ANIL MENON, and BRYAN MAACH, August 2004, 
258-61. 
See “Consumer Behavior” 


DISCRETE CHOICE MODELS 


Modeling Purchase Behavior at an E-Commerce Web Site: A Task- 


Completion Approach, CATARINA SISMEIRO and RANDOLPH E. 
BUCKLIN, August 2004, 306-323. 
See “Electronic Commerce” 
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ECONOMETRIC MODELS 


The Dynamic Effect of Innovation on Market Structure, HARALD J. VAN 
HEERDE, CARL F. MELA, and PUNEET MANCHANDA, May 2004, 
166-83. 

See “Market Analysis and Response” 


Model of Brand Choice with a No-Purchase Option Calibrated to Scanner- 
Panel Data, SIDDHARTHA CHIB, P.B. SEETHARAMAN, and 
ANDREI STRIJNEV, May 2004, 184-96. 

See “Brand Evaluation and Choice” 


Recapturing Lost Customers, JACQUELYN S. THOMAS, ROBERT C. 
BLATTBERG, and EDWARD J. FOX, February 2004, 31-45. 
See “Customer Relationship Management” 


Response Modeling with Nonrandom Marketing-Mix Variables, PUNEET 
MANCHANDA, PETER E. ROSSI, and PRADEEP K. CHINTA- 
GUNTA, November 2004, 467-78. 

See “Market Analysis and Response” 


EDITORIAL 


Journal of Marketing Research: 2 Ps, DICK R. WITTINK, February 2004, 
1-6. 


ELECTRONIC COMMERCE 


Modeling Purchase Behavior at an E-Commerce Web Site: A Task- 
Completion Approach, CATARINA SISMEIRO and RANDOLPH E. 
BUCKLIN, August 2004, 306-323. 

The authors develop and estimate a model of online buying using 
clickstream data from a Web site that sells cars. The model predicts 
online buying by linking the purchase decision to what visitors do and to 
what they are exposed to while at the site. To overcome the challenges of 
predicting Internet buying, the authors decompose the purchase process 
into the completion of sequential nominal user tasks and account for het- 
erogeneity across visitors at the county level. Using a sequence of binary 
probits, the authors model the visitor’s decision of whether to complete 
each task for the first time, given that the visitor has completed the pre- 
vious tasks at least once. The results indicate that visitors’ browsing 
experiences and navigational behavior predict task completion for all 
decision levels. The results also indicate that the number of repeat visits 
per se is not diagnostic of buying propensity and that a site’s offering of 
sophisticated decision aids does not guarantee increased conversion 
rates. The authors also compare the predictive performance of the task- 
completion approach with single-stage benchmark models in a holdout 
sample. The proposed approach provides superior prediction and better 
identifies likely buyers, especially early in the task sequence. The authors 
also discuss implications for Web site managers. 


FORECASTING 


A Direct Approach to Predicting Discretized Response in Target Marketing, 
ANAND BODAPATI and SACHIN GUPTA, February 2004, 73-85. 

A problem that occurs frequently in direct marketing is the prediction 
of the value of a discretizing function of a response variable. For exam- 
ple, to target consumers for a coupon mailing, a retail chain may want to 
predict whether a prospective customer’s grocery expenditures exceed a 
predetermined threshold. The current approach to this prediction prob- 
lem is to model the response variable and then apply the discretizing 
function to the predicted value of the response variable. In contrast with 
this “indirect” approach, the authors propose a “direct” approach in 
which they model discretized values of the response variable. They show 
theoretically that the direct approach achieves better predictive perform- 
ance than the commonly used indirect approach when the response 
model is misspecified and the sample size is large. These two conditions 
are commonly met in direct marketing situations. This result is counter- 
intuitive because the direct approach entails “throwing away” informa- 
tion. However, although both the discretized response data and the con- 
tinuous data provide biased predictions when a misspecified model is 
used, the lower information content of the discretized variable helps the 
bias be smaller. The authors demonstrate the performance of the pro- 
posed approach in a simulation experiment, a retail targeting application, 
and a customer satisfaction application. The key managerial implication 
of the result is that the current practice of restricting attention to models 
based on the indirect approach may be suboptimal. Target marketers 
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should expand the set of candidate models to include models based on 
the proposed direct approach. 


Integration of Discrepant Sales Forecasts: The Influence of Plausibility 
Inferences Based on an Evoked Range, ANNE L. ROGGEVEEN and 
GITA VENKATARAMANI JOHAR, February 2004, 19-30. 

The authors hypothesize that when managers integrate two projections 
to form a sales estimate, they evoke and use a sales range to judge inap- 
propriately the plausibility of each projection. This judged plausibility, as 
weil as the “margin of error” (based on the market research company’s 
typical accuracy), is used to assign weights to each projection. Five 
experiments find strong evidence for this process and demonstrate a 
resulting bias. 


Mixture Model for Internet Search-Engine Visits, RAHUL TELANG, 
PETER BOATWRIGHT, and TRIDAS MUKHOPADHYAY, May 2004, 
206-214. 

The authors extend the marketing literature on stochastic 
interpurchase-time models by allowing for purchase periodicities and 
unobserved heterogeneity in a proportional hazards mixture model. Their 
parsimonious framework builds on commonly used baseline hazard 
functions. They use the search-engine visits data to highlight the benefits 
of the proposed model. 


INFORMATION PROCESSING 


Brands as Beacons: A New Source of Loyalty to Multiproduct Firms, 
BHARAT N. ANAND and RON SHACHAR, May 2004, 135-50. 
See “Brand Evaluation and Choice” 


The Effect of Conceptual and Perceptual Fluency on Brand Evaluation, 
ANGELA Y. LEE and APARNA A. LABROO, May 2004, 151-65. 
See “Brand Evaluation and Choice” 


To Buy or Not to Buy: Response Mode Effects on Consumer Choice, RAVI 
DHAR and STEPHEN M. NOWLIS, November 2004, 423-32. 
See “Decision Research” 


Valenced Comparisons, SHAILENDRA PRATAP JAIN and STEVEN S. 
POSAVAC, February 2004, 46-58. 
See “Consumer Behavior” 


Waiting for the Web: How Screen Color Affects Time Perception, GER- 
ALD J. GORN, AMITAVA CHATTOPADHYAY, JAIDEEP SEN- 
GUPTA, and SHASHANK TRIPATHI, May 2004, 215-25. 

See “Internet Behavior” 


When Absence Begets Inference in Conjoint Analysis, JOSEPH W. ALBA 
and ALAN D.J. COOKE, November 2004, 382-87. 
See “Brand Evaluation and Choice” 


When Corporate Image Affects Product Evaluations: The Moderating Role 
of Perceived Risk, ZEYNEP GURHAN-CANLI and RAJEEV BATRA, 
May 2004, 197-205. 

See “Brand Management” 


INTERNET BEHAVIOR 


Waiting for the Web: How Screen Color Affects Time Perception, GER- 
ALD J. GORN, AMITAVA CHATTOPADHYAY, JAIDEEP SEN- 
GUPTA, and SHASHANK TRIPATHI, May 2004, 215-25. 

The authors investigate the link between the color of a Web page’s 
background screen while the page is downloading and the perceived 
quickness of the download. They draw on research that supports links 
between color and feelings of relaxation and between feelings of relax- 
ation and time perception. The authors predict that the background 
screen color influences how quickly a page is perceived to download and 
that feelings of relaxation mediate this influence. In a series of experi- 
ments, they manipulate the hue, value, and chroma dimensions of the 
color to induce more or less relaxed feeling states. The findings suggest 
that for each dimension, colors that induce more relaxed feeling states 
lead to greater perceived quickness. The authors provide triangulating 
evidence with an alternative manipulation: the number of times subjects 
wait for a download. As does color, this also leads to variation in levels 
of relaxation and perceived quickness. A final experiment reveals that 
color not only affects perceived download quickness but also has conse- 
quences for users’ evaluations of the Web site and their likelihood of 
recommending it to others. 
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LOYALTY PROGRAMS 


Using Combined-Currency Prices to Lower Consumers’ Perceived Cost, 
XAVIER DREZE and JOSEPH C. NUNES, February 2004, 59-72. 
See “Pricing” 


MANAGERIAL JUDGMENT AND DECISION AIDS 


Integration of Discrepant Sales Forecasts: The Influence of Plausibility 
Inferences Based on an Evoked Range, ANNE L. ROGGEVEEN and 
GITA VENKATARAMANI JOHAR, February 2004, 19-30. 

See “Forecasting” 


A Mixture Model for Internet Search-Engine Visits, RAHUL TELANG, 
PETER BOATWRIGHT, and TRIDAS MUKHOPADHYAY, May 2004, 
206-214. 

See “Forecasting” 


Sticky Priors: The Perseverance of Identity Effects on Judgment, LISA E. 
BOLTON and AMERICUS REED II, November 2004, 397-410. 
See “Social Identity” 


MARKET ANALYSIS AND RESPONSE 


Analyzing Brand Competition Across Subcategories, MICHEL WEDEL 
and JIE ZHANG, November 2004, 448-56. 
See “Brand Management” 


The Determinants of Pre- and Postpromotion Dips in Sales of Frequently 
Purchased Goods, SANDRINE MACE and SCOTT A. NESLIN, August 
2004, 339-50. 

See “Promotion” 


Determinants of Product-Use Compliance Behavior, DOUGLAS BOW- 
MAN, CARRIE M. HEILMAN, and P.B. SEETHARAMAN, August 
2004, 324-38. 

The authors examine factors that affect product-usage compliance, or 
the act of using a product as it is intended to be used. They develop a con- 
ceptual model of compliant behavior as a function of four main con- 
structs: (1) salience/mindfulness, (2) the consumer’s costs and benefits of 
compliant behavior, (3) advertising and distribution cues to action, and 
(4) the perceived threats associated with noncompliant behavior. They 
test the model using a regression mixture model of compliant behavior 
calibrated on unique panel data from four categories of pharmaceutical 
drugs that are used to treat chronic (i.e., lifelong) ailments. The findings 
include insights into the dynamics of product compliance: The data sup- 
port the proposed four-stage evolution of compliant behavior between 
consecutive service provider (e.g., doctor) interventions. For marketers, 
the authors find substantial heterogeneity across consumers for the 
effects of cues from advertising and distribution. For example, in some 
segments, advertising has a positive impact on compliance (directly and/ 
or by heightening responsiveness to product-efficacy evaluations), 
whereas in other segments, its effect is negative. Thus, the authors shed 
new light on the effects of advertising, which has both strong advocates 
and opponents in the pharmaceutical industry. 


A Direct Approach to Predicting Discretized Response in Target Marketing, 
ANAND BODAPATI and SACHIN GUPTA, February 2004, 73-85. 
See “Forecasting” 


The Dynamic Effect of Innovation on Market Structure, HARALD J. VAN 
HEERDE, CARL F. MELA, and PUNEET MANCHANDA, May 2004, 
166-83. 

Product innovation is endemic among consumer packaged goods firms 
and is an integral component of their marketing strategy. As innovations 
affect markets, there is a pressing need to develop market response mod- 
els that can adapt to such changes. The authors’ model copes with the 
challenges that dynamic environments entail: nonstationarity, changes in 
parameters over time, missing data, and cross-sectional heterogeneity. 
They use this approach to model sales response in the frozen pizza cate- 
gory, in which the introduction of rising-crust pizza brands represents a 
major innovation. The model is directly applicable to other domains in 
which market structure might be nonstationary, such as changes in pro- 
motion strategy, shifts in the retail environment, and movements in 
macroeconomic factors. The authors find that innovation (1) makes the 
existing brands appear more similar, as indicated by increasing cross- 
brand price elasticities; (2) decreases brand differentiation for the exist- 
ing brands, as indicated by an increase in the magnitude of own-brand 


price elasticities; and (3) increases the variance of the sales response 
equations temporarily around the time of the introduction of the innova- 
tion, indicating increased uncertainty in sales response. The authors dis- 
cuss the managerial implications by presenting maps of how clout and 
vulnerability evolve over time, assessing the effect of new brands on can- 
nibalization, and considering the strategic implications of the introduc- 
tion of a flanker innovation to facilitate an extant brand’s ability to attack 
an incumbent leader. 


The Recoverability of Segmentation Structure from Store-Level Aggregate 
Data, ANAND V. BODAPATI and SACHIN GUPTA, August 2004, 35 1- 
64. 

See “Segmentation Research” 


Response Modeling with Nonrandom Marketing-Mix Variables, PUNEET 
MANCHANDA, PETER E. ROSSI, and PRADEEP K. CHINTA- 
GUNTA, November 2004, 467-78. 

Sales response models are widely used as the basis for optimizing the 
marketing mix. Response models condition on the observed marketing- 
mix variables and focus on the specification of the distribution of 
observed sales given marketing-mix activities. The models usually fail to 
recognize that the levels of the marketing-mix variables are often chosen 
with at least partial knowledge of the response parameters in the condi- 
tional model. This means that contrary to standard assumptions, the mar- 
ginal distribution of the marketing-mix variables is not independent of 
response parameters. The authors expand on the standard conditional 
model to include a model for the determination of the marketing-mix 
variables. They apply this modeling approach to the problem of gauging 
the effectiveness of sales calls (details) to induce greater prescribing of 
drugs by individual physicians. They do not assume a priori that details 
are set optimally, but instead they infer the extent to which sales force 
managers have knowledge of responsiveness, and they use this knowl- 
edge to set the level of sales force contact. The authors find that their 
modeling approach improves the precision of the physician-specific 
response parameters significantly. They also find that physicians are not 
detailed optimally; high-volume physicians are detailed to a greater 
extent than low-volume physicians without regard to responsiveness to 
detailing. It appears that unresponsive but high-volume physicians are 
detailed the most. Finally, the authors illustrate how their approach pro- 
vides a general framework. 


MARKET RESEARCH UTILIZATION 


Integration of Discrepant Sales Forecasts: The Influence of Plausibility 
Inferences Based on an Evoked Range, ANNE L. ROGGEVEEN and 
GITA VENKATARAMANI JOHAR, February 2004, 19-30. 

See “Forecasting” 


MEASUREMENT 


Alternative Models for Capturing the Compromise Effect, RAN KIVETZ, 
ODED NETZER, and V. SRINIVASAN, August 2004, 237-57. 
See “Decision Research” 


Comments on Conjoint Analysis with Partial Profiles, VITHALA R. RAO, 
November 2004, 388-89. 
See “Statistical Methods” 


The Customer Relationship Management Process: Its Measurement and 
Impact on Performance, WERNER REINARTZ, MANFRED KRAFFT, 
and WAYNE D. HOYER, August 2004, 293-305. 

See “Customer Relationship Management” 


Extending Compromise Effect Models to Complex Buying Situations and 
Other Context Effects, RAN KIVETZ, ODED NETZER, and V. SRINI- 
VASAN, August 2004, 262-68. 

See “Decision Research” 


The Influence of Loyalty Programs and Short-Term Promotions on Cus- 
tomer Retention, MICHAEL LEWIS, August 2004, 281-92. 
See “Promotion” 


Polyhedral Methods for Adaptive Choice-Based Conjoint Analysis, 
OLIVIER TOUBIA, JOHN R. HAUSER, and DUNCAN I. SIMESTER, 
February 2004, 116-31. 

See “Research Design” 
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Valuing Customers, SUNIL GUPTA, DONALD R. LEHMANN, and JEN- 
NIFER AMES STUART, February 2004, 7-18. 
See “Customer Lifetime Value” 


NEW PRODUCT DEVELOPMENT AND LAUNCH 


The Dynamic Effect of Innovation on Market Structure, HARALD J. VAN 
HEERDE, CARL F. MELA, and PUNEET MANCHANDA, May 2004, 
166-83. 

See “Market Analysis and Response” 


PHARMACEUTICALS 


Determinants of Product-Use Compliance Behavior, DOUGLAS BOW- 
MAN, CARRIE M. HEILMAN, and P.B. SEETHARAMAN, August 
2004, 324-38. 

See “Market Analysis and Response” 


PRICING 


Coordinating Price Reductions and Coupon Events, ERIC T. ANDERSON 
and INSEONG SONG, November 2004, 411-22. 

In this article, the authors use an economic model to show that it may 
be optimal to lower the retail price during a coupon event when marginal 
consumers have moderate hassle costs of coupon redemption. Results 
from the model offer predictions on the relationships among coupon 
redemptions, shelf price, and coupon face value. The authors test these 
predictions on a large data set of hundreds of coupon events across six 
packaged goods categories. The data show that when a small coupon face 
value is offered, the shelf price is likely to be reduced. They also find that 
coupon efficiency increases when there is a lower retail price. The results 
are of interest to managers planning a promotion calendar and deciding 
whether to coordinate price promotions with coupon events, and they 
contribute to economic theory. When a firm moves from uniform pricing 
(e.g., nO coupons) to second-degree price discrimination (e.g., coupons), 
all consumers may face a lower price. This finding has public policy 
implications because second-degree price discrimination may increase 
the welfare of every consumer. 


Incidental Prices and Their Effect on Willingness to Pay, JOSEPH C. 
NUNES and PETER BOATWRIGHT, November 2004, 457-66. 
Previous research has explored how both internal and external refer- 
ences prices affect consumer perceptions and consequently the price that 
consumers are willing to pay for a product or service. Historically, 
researchers have examined the effects of exposure to prices for the same 
product, the same brand, or products in the same category. This research 
explores the effect of incidental prices on the consumer’s willingness to 
pay. The authors define incidental prices as prices advertised, offered, or 
paid for unrelated products or goods that neither sellers nor buyers regard 
as relevant to the price of an item that they are engaged in selling or buy- 
ing. More specifically, the authors examine how prices for products that 
buyers encounter unintentionally can serve as anchors, thus affecting 
willingness to pay for the product that they intend to buy. The findings 
have important implications for auction houses and online vendors as 
well as for conventional retailers. 


Recapturing Lost Customers, JACQUELYN S. THOMAS, ROBERT C. 
BLATTBERG, and EDWARD J. FOX, February 2004, 31-45. 
See “Customer Relationship Management” 


Using Combined-Currency Prices to Lower Consumers’ Perceived Cost, 
XAVIER DREZE and JOSEPH C. NUNES, February 2004, 59-72. 
The increasing popularity of loyalty programs and related marketing 
promotions has resulted in the introduction of several new currencies 
(e.g., frequent flier miles, Diner’s Club “Club Rewards”) that consumers 
accumulate, budget, save, and spend much as they do traditional paper 
money. As consumers are increasingly able to pay for goods and services 
such as airline travel, hotel stays, and groceries in various combinations 
of currencies, an understanding of how shoppers respond to “combined- 
currency pricing” is important for marketers. This research is the first to 
explore how consumers evaluate transactions that involve combined- 
currency prices, or prices issued in multiple currencies (e.g., $39 and 
16,000 miles). The authors present a formal mathematical proof that out- 
lines the conditions under which a price that comprises payments deliv- 
ered in different currencies can be superior to a standard, single-currency 
price, either by lowering the psychological or perceived cost associated 
with a particular revenue objective (i.e., price) or by raising the amount 
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of revenue collected given a particular perceived cost. Three studies, in 
which respondents evaluate and choose among prices issued in single 
and combined currencies, offer both experimental and empirical support. 


PROMOTION 


Coordinating Price Reductions and Coupon Events, ERIC T. ANDERSON 
and INSEONG SONG, November 2004, 411-22. 
See “Pricing” 


The Determinants of Pre- and Postpromotion Dips in Sales of Frequently 
Purchased Goods, SANDRINE MACE and SCOTT A. NESLIN, August 
2004, 339-50. 

The authors empirically study the relationships between pre- and post- 
promotion dips in weekly store data and Universal Product Code (UPC), 
category, and store trading-area customer characteristics. Drawing on 
recent advances in econometric modeling, they estimate 39,441 pre- and 
postpromotion dip elasticities in 83 stores in ten product categories. They 
relate these elasticities to 24 characteristics, such as UPC price and mar- 
ket share, category budget share and storability, and store trading-area 
demographics. The authors find that UPC, category, and store trading- 
area customer characteristics all explain significant variation in the elas- 
ticities. For example, both pre- and postpromotion dips are stronger for 
high-priced, frequently promoted, mature, high-market-share UPCs. 
They find that postpromotion dips are not significantly different for pri- 
vate labels but are more prominent for UPCs with less predictable pro- 
motion patterns. They also find that stores with trading areas that consist 
of older customers who live in larger households and own cars are par- 
ticularly prone to postpromotion dips. The findings potentially deepen 
the understanding of stockpiling and deceleration and blend two trends 
in promotion response research: an increased focus on pre- and postpro- 
motion effects and a greater emphasis on examination of cross-sectional 
differences in promotion response. 


The Influence of Loyalty Programs and Short-Term Promotions on Cus- 
tomer Retention, MICHAEL LEWIS, August 2004, 281-92. 

Despite the proliferation of loyalty programs in a wide range of cate- 
gories, there is little empirical research that focuses on the measurement 
of such programs. The key to measuring the influence of loyalty pro- 
grams is that they operate as dynamic incentive schemes by providing 
benefits based on cumulative purchasing over time. As such, loyalty pro- 
grams encourage consumers to shift from myopic or single-period deci- 
sion making to dynamic or multiple-period decision making. In this 
study, the author models customers’ response to a loyalty program under 
the assumption that purchases represent the sequential choices of cus- 
tomers who are solving a dynamic optimization problem. The author 
estimates the theoretical model using a discrete-choice dynamic pro- 
gramming formulation. The author evaluates a specific loyalty program 
with data from an online merchant that specializes in grocery and drug- 
store items. Through simulation and policy experiments, it is possible to 
evaluate and compare the long-term effects of the loyalty program and 
other marketing instruments (e.g., e-mail coupons, fulfillment rates, 
shipping fees) on customer retention. Empirical results and policy exper- 
iments suggest that the loyalty program under study is successful in 
increasing annual purchasing for a substantial proportion of customers. 


REGRESSION AND OTHER STATISTICAL METHODS 


Comments on Conjoint Analysis with Partial Profiles, VITHALA R. RAO, 
November 2004, 388-89. 
See “Statistical Methods” 


Design and Modeling in Conjoint Analysis with Partial Profiles, DONALD 
B. RUBIN, November 2004, 390-91. 
See “Statistical Methods” 


The Determinants of Pre- and Postpromotion Dips in Sales of Frequently 
Purchased Goods, SANDRINE MACE and SCOTT A. NESLIN, August 
2004, 339-50. 

See “Promotion” 


RESEARCH DESIGN 
Design and Modeling in Conjoint Analysis with Partial Profiles, DONALD 


B. RUBIN, November 2004, 390-91. 
See “Statistical Methods” 
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Polyhedral Methods for Adaptive Choice-Based Conjoint Analysis, 
OLIVIER TOUBIA, JOHN R. HAUSER, and DUNCAN I. SIMESTER, 
February 2004, 116-31. 

The authors propose and test a new “polyhedral” choice-based con- 
joint analysis question-design method that adapts each respondent’s 
choice sets on the basis of previous answers by that respondent. Polyhe- 
dral “interior-point” algorithms design questions that quickly reduce the 
sets of partworths that are consistent with the respondent’s choices. To 
identify domains in which individual adaptation is promising (and 
domains in which it is not), the authors evaluate the performance of poly- 
hedral choice-based conjoint analysis methods with Monte Carlo exper- 
iments. They vary magnitude (response accuracy), respondent hetero- 
geneity, estimation method, and question-design method in a 4 x 23 
experiment. The estimation methods are hierarchical Bayes and analytic 
center. The latter is a new individual-level estimation procedure that is a 
by-product of polyhedral question design. The benchmarks for individ- 
ual adaptation are random designs, orthogonal designs, and aggregate 
customization. The simulations suggest that polyhedral question design 
does well in many domains, particularly those in which heterogeneity 
and partworth magnitudes are relatively large. The authors test feasibil- 
ity, test an important design criterion (choice balance), and obtain empir- 
ical data on convergence by describing an application to the design of 
executive education programs in which 354 Web-based 
respondents answered statedchoice tasks with four service profiles each. 


RETAILING 


Analyzing Brand Competition Across Subcategories, MICHEL WEDEL 
and JIE ZHANG, November 2004, 448-56. 
See “Brand Management” 


SALES FORCE MANAGEMENT 


Response Modeling with Nonrandom Marketing-Mix Variables, PUNEET 
MANCHANDA, PETER E. ROSSI, and PRADEEP K. CHINTA- 
GUNTA, November 2004, 467-78. 

See “Market Analysis and Response” 


SATISFACTION 


Longitudinal Shifts in the Drivers of Satisfaction with Product Quality: The 
Role of Attribute Resolvability, REBECCA J. SLOTEGRAAF and J. 
JEFFREY INMAN, August 2004, 269-80. 

Research on customer equity has reemphasized the value of under- 
standing the factors that influence satisfaction and quality. Although 
research has shown that many factors influence perceptions of satisfac- 
tion and quality, it has failed to consider the potential for asymmetric 
effects that shift over time and are based on the attributes used to form 
such perceptions. Using automobile ownership experiences during the 
manufacturer warranty period, the authors show that as consumers 
approach the end of their product’s warranty period, satisfaction with 
attributes that can be remedied (“resolvable” attributes) declines at a 
greater rate, yet its effect on satisfaction with product quality intensifies. 
In contrast, satisfaction with attributes that cannot be remedied (“‘irre- 
solvable” attributes) declines at a lesser rate, and its effect on satisfaction 
with product quality weakens over time. The authors also discuss impli- 
cations for research and customer relationship management programs. 


SEGMENTATION RESEARCH 


The Augmented Latent Class Model: Incorporating Additional Heterogene- 
ity in the Latent Class Model for Panel Data, SAJEEV VARKI and 
PRADEEP K. CHINTAGUNTA, May 2004, 226-33. 

See “Brand Evaluation and Choice” 


A Direct Approach to Predicting Discretized Response in Target Marketing, 
ANAND BODAPATI and SACHIN GUPTA, February 2004, 73-85. 
See “Forecasting” 


The Recoverability of Segmentation Structure from Store-Level Aggregate 
Data, ANAND V. BODAPATI and SACHIN GUPTA, August 2004, 351- 
64. 

The authors focus on estimating a latent-class choice model with con- 
sumer response segments when only store-level aggregate data are avail- 
able. Most of the proposed methodologies in the marketing literature 
require household panel data, which can be difficult to obtain. There is a 


growing stream of work in marketing and in empirical industrial organi- 
zation that estimates segmentation structure with aggregate data. This 
article is a careful attempt to understand the extent to which disaggregate 
structure in the form of a latent-class model can be recovered from 
aggregate data. The authors show that under specific assumptions and 
when the household-level model is correctly specified, most of a latent- 
class segmentation structure is identifiable even if only store-level aggre- 
gate data are available. Therefore, the store data—based estimates for the 
latent-class model are consistent. In other words, the mean absolute devi- 
ation (MAD) of the estimates goes to zero with infinite sample size. To 
assess how well latent-class structure can be estimated from store data 
sets of sample sizes that are comparable to those in real life, the authors 
simulate more than 60,000 store data sets and compute the consequent 
model estimates and their estimation errors. The results show that the 
MAD of the latent-class estimates diminishes much more slowly with 
store data than with household data. Moreover, the rate is so slow that 
obtaining estimates with reasonably small MADs often requires unrea- 
sonably large sample sizes. The authors’ simulations offer guidance on 
conditions that favor obtaining more accurate estimates from store-level 
data. 


SOCIAL IDENTITY 


Sticky Priors: The Perseverance of Identity Effects on Judgment, LISA E. 


BOLTON and AMERICUS REED II, November 2004, 397-410. 

This research examines the perseverance of identity-based judgments 
by exploring the effectiveness of various corrective procedures that are 
intended to neutralize identity effects on judgment. The authors explore 
these effects in a series of studies that involve different kinds of identi- 
ties (e.g., parent, teenager, businessperson, environmentalist) linked to 
different objects and issues (e.g., Internet censorship, pollution credits, 
electronic books). Moreover, they test the effectiveness of various cor- 
rective procedures, including feature-based analysis, counterfactual rea- 
soning, counteridentification, and social influence. The authors find that 
identity-driven thinking leads to judgment that resists change, that is, a 
procedural bias or “sticky prior” in favor of an initial identity-based judg- 
ment. The findings attest to both the power of identity and the efficacy of 
analytic and nonanalytic corrective techniques. 


SOCIAL NETWORKS 


Vertical Marketing Systems for Complex Products: A Triadic Perspective, 


STEFAN WUYTS, STEFAN STREMERSCH, CHRISTOPHE VAN 
DEN BULTE, and PHILIP HANS FRANSES, November 2004, 479-87. 
See “Channels of Distribution” 


STATISTICAL METHODS 


The Augmented Latent Class Model: Incorporating Additional Heterogene- 


ity in the Latent Class Model for Panel Data, SAJEEV VARKI and 
PRADEEP K. CHINTAGUNTA, May 2004, 226-33. 
See “Brand Evaluation and Choice” 


Comments on Conjoint Analysis with Partial Profiles, VITHALA R. RAO, 


November 2004, 388-89. 


Design and Modeling in Conjoint Analysis with Partial Profiles, DONALD 


B. RUBIN, November 2004, 390-91. 


A Learning-Based Model for Imputing Missing Levels in Partial Conjoint 


Profiles, ERIC T. BRADLOW, YE HU, and TECK-HUA HO, November 
2004, 369-81. 

Respondents in a conjoint experiment sometimes are presented with 
successive partial product profiles. First, the authors model how respon- 
dents infer missing levels of product attributes in a partial conjoint pro- 
file by developing a learning-based imputation model that nests several 
extant models. The advantage of this approach over previous research is 
that it infers missing levels of an attribute not only from prior levels of 
the same attribute but also from prior levels of other attributes, especially 
ones that match the attribute levels of the current product profile. Second, 
the authors provide an empirical demonstration of their approach and test 
whether learning in conjoint studies occurs; to what extent; and in what 
manner it affects responses, partworths, and the relative importance of 
attributes. They show that the relative importance of attribute partworths 
can shift when subjects evaluate partial profiles, which suggests that con- 
sumers may construct rather than retrieve partworths and are sensitive to 
the order in which the profiles are presented. Finally, the results show 
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